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The Coastal Zone Information Extraction Based on the
Neural Network Method With Polarization Characteristics

LIANG Chao'?, ZENG Tao'?*, ZOU Ya-rong'*
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(2.Key Laboratory of Space Ocean Remote Sensing and Application, SOA ,Beijing 100081 ,China)

Abstract: Application of remote sensing data in the monitoring of island and coastal zone can provide scien-
tific information support for the development and utilization of coastal zone resources. Radarsat-2 data is
used to carry out the coastal information extraction with Cloude polarization decomposition theory. The re-
sults show the application potential of Cloude polarization decomposition theory in the coastal information
extraction. The objects of single scattering characteristics can be easier distinguished based on H /a classi-
fication method, but it is difficult to distinguish the targets of even scattering and volume scattering mech-
anism. The neural network method together with the polarization characteristics can be used for the coastal
zone classification, and the accuracy is 88.5% , which is related to the training samples. The distribution of
surface features in the coastal zone is complicated, which is the focus of the future research work.
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